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Language Modality Source Stimuli Subject Unit Tokens
word semantic rating CRSF text 30 word 672
word tMRI CRSF text 11 word 672
Chinese eye-tracking Zhang et al. text 1718 sentence 170,331
discourse fIMRI SMN4Lang audio 12 discourse 52,269
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word semantic rating Binder et al. text 30 word 535
Enelish word fMRI Pereira et al. text 15 word 180
SHS eye-tracking ZuCo text 30 sentence 36,767

discourse fMRI Zhang et al. audio 19 discourse 47,356




A 2. iR WE

SIA

¢ XL

(1)S. Wang et al., An fMRI Dataset for Concept Representation with Semantic Feature
Annotations. Scientific Data, https://doi.org/10.1038/s41597-022-01840-2

(2)S. Wang et al., A synchronized multimodal neuroimaging dataset for studying brain
language processing. Scientific Data, (2022) 9: 590. https://doi.org/10.1038/s41597-022-01708-5

(3)S. Wang et al., A large dataset of semantic ratings and its computational extension.
Scientific Data, https://doi.org/10.1038/s41597-023-01995-6

(4)Y. Zhang et al. A Comprehensive Neural and Behavioral Task Taxonomy Method for
Transfer Learning in NLP. In Findings of IJICNLP-AACL 2023, pp. 233-241

(5)Y. Zhang et al. MulCogBench: A Multi-modal Cognitive Benchmark Dataset for
Evaluating Chinese and English Computational Language Models, Language Resources
and Evaluation (LRE), 1-24. https://do1.org/10.1007/s10579-025-09843-2
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(1) X. Zhang et al. Is the Brain Mechanism for Hierarchical Structure Building Universal Across
Languages? An fMRI Study of Chinese and English. Proc. of EMNLP 2022
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