B0

x

cqzong(@nly

=R

= PR E

{5 B

or.1a.ac.cn

b o [ B B
. WLl g

S IR X RIES G



% H

8 1. 3|5
2. BN FRIE
3. BN f#S
4. BRIB



* NLU: natural language understanding (1956s)
* CL: computational linguistics (1960s)

* NLP: natural language processing (1970~80s)
 HLT: human language technology (1980s)
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Piano

1. The piano is a popular musical instrument...

2. Pressing a piano key causes a felt-tipped hammer...

3. The piano has an enormous note range.

Accordion

1. A clarinet is a woodwind musical instrument. ..

2. It 1s a long black tube with a flare at the bottom

3. The player chooses notes by pressing keys and holes.

Clarinet

1. An accordion is a portable musical instrument.

2.0ne keyboard is used for individual notes and the other
for chords.

3. Accordions produce sound with bellow that blow air
through reeds
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